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Abstract In the study a new method of the ant colony optimization (ACO) algorithm was used

for solving the problem of choosing the optimal path in a traffic network. To fit the solving
requirements, ACO can be considered as the important algorithm for its advantages of
parallelism, positive feedback and collaboration. In addition, this algorithm can also be
taken advantage to improve the collaboration between different units and find a better
solution in a shorter time. The authors improved the basic ACO in many aspects, including

introducing the limiting rules for pheromone, using smoothing mechanism to local update,
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and improving the global update model, so that the algorithm can better solve the optimal
path of the transportation system and decrease the complexity of routing choice. An extensive
numerical experiment was performed on a traffic network problem. It is found that ACS gives
better results compared with the other existed algorithms. Hence, this algorithm is a new
way For solving the problem of optimal routing in transportation and illustrates bright
application prospect of ACO in traffic assignment.
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